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Krisis keuangan yang telah beberapa kali menerpa Indonesia membuat
perlu adanya pendeteksian dini untuk meminimalisir dampak krisis. Salah
satu metode yang dapat digunakan untuk mendeteksi krisis adalah dengan
memodelkan data indikator krisis menggunakan gabungan model volatilitas
dengan Markov switching. Terdapat beberapa indikator yang mampu men-
deteksi krisis keuangan pada suatu negara. Tiga diantaranya yaitu indikator
selisih suku bunga pinjaman dengan simpanan, suku bunga simpanan riil,dan
selisih BI rate riil dengan Fed rate riil yang dapat dikatakan sebagai indikator
kondisi perbankan.
Hasil dari penelitian ini menunjukkan bahwa gabungan model volatilitas
dengan Markov switching terbaik yang dapat digunakan untuk ketiga indikator
tersebut yaitu model MS-GARCH (3,1,1) dengan asumsi tiga state. Krisis pa-
da pertengahan tahun 1997 hingga 1998 berhasil terdeteksi oleh nilai smooth-
ed probability dari ketiga indikator pada batas tertentu. Prediksi untuk tahun
2017 berdasarkan ketiga indikator menunjukkan tidak ada tanda-tanda akan
terjadi krisis.
Kata kunci: pendeteksian krisis, MS-GARCH, perbankan, suku bunga
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ABSTRACT
Shania Puspita Sari, 2017. EARLY DETECTION OF FINANCIAL
CRISIS IN INDONESIA USING COMBINATION OF VOLATILITY AND
MARKOV SWITCHING MODELS BASED ON BANKING CONDITION
INDICATORS (Case Study on The Dierence Between Lending and Deposit
Interest Rate, The Real Interest Rate on Deposit, and The Dierence Between
Real BI Rate and Real Fed Rate). Faculty of Mathematics and Natural Sci-
ences, Sebelas Maret University.
Financial crisis has hit Indonesia for several times resulting the needs for
an early detection system to minimize the impact. One of many methods that
can be used to detect the crisis is to model the crisis indicators using com-
bination of volatility and Markov switching models. There are 15 indicators
that can be used to detect nancial crisis. Three of them are the dierence
between lending and deposit interest rate, the real interest rate on deposit,
and the dierence between real BI rate and real Fed rate which can be referred
as banking condition indicators.
The result of this research is the best combination of volatility and Mar-
kov switching models for the three indicators is MS-GARCH(3,1,1) model with
three states assumption. Crisis in mid 1997 until 1998 has successfully detec-
ted with a certain range of smoothed probability value for the three indica-
tors. The smoothed probability predictions for 2017 showed that there is no
indication of nancial crisis in Indonesia based on the three indicators.
Keywords : crises detection, MS-GARCH, banking, interest rate
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MOTO
"A pessimist sees the diculty in every opportunity. An
optimist sees the opportunity in every diculty."
(Winston Churchil)
"Life is not just the passing of time, life is the collection of
experience and their intensity."
(Jim Rohn)
"If you only do what you can do, you will never be more than
you are now."
(Master Shifu)
"Sesungguhnya sesudah kesulitan itu ada kemudahan."
(QS. Al-Insyirah : 6)
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